Day6

EDay6EAH, B i IEERAIMBVESE —EI @, AETFFANny-to-anyESBANyGPT
A9CABSCER.

#PFEIBRIZIEE
Omni-DuplexEval

Omni-DuplexEval: Evaluating Real-time Duplex Omni-modal Interaction

HESHERSWA: Real-time duplex interaction is essential for multimodal Al systems
operating in real-world scenarios, where models must continuously process streaming
inputs and respond at appropriate moments. The benchmark consists of two
complementary scenarios: (1) Real-Time Description, which evaluates the ability to
generate continuous, time-aligned responses that track evolving multimodal inputs, and (2)
Proactive Reminder, which evaluates the ability to identify salient events and respond at
appropriate moments.

SLIOFEIESKIR: ZRIFull DuplextEBY S BESLA] BRI BEENFIRRIT,; BfIREMo AR, B
RMERRSEERATSR, WiEXT, ", TTEHABRFAMH ARMRNIZEREIN,

B3NN, BRSHSTEERE benchmark ZEERBEITN: HESTETEIM, BEREERE (W
Video-MME) ; XE5ESERREHRIANRA. DHHAIERFA—E.

Real-Time Description(RTD) ZERIREUFEHH S HEHBRI I TFHEAE S 6 M HES:
Counting. Interaction Relation, Omni, World Knowledge, OCR. Fine-grained
Movement, 35M—"Proactive Reminder(PR), EXIEEUMRIFAFIES =M, TR GRE
AfESMERESRLIE,; B82S 3 NMFHES: Event Reminder, Post-Event Reminder,
Correction, BXHIRFTEISRERET 1 980, FI94 34 7, REAXXF<tokenfh B E 2
Memory/AttentionfERIRBITT™a], BEIE RGN EIRISCRT 2R B aE

RTHBEAKX—/, i8Xclaim@: Omni-DuplexEval BRIEEZEMANRE, HA
B SR RHHICIZ. FEMMEZRYE

NEE—LERERRISICIHIKE:

* RZEBII/EMER benchmark EAARRZ open-ended, BAARIZSF streaming, BAAR
i proactive 174, BARHE temporal alignment, {EEiXNbenchmarkigig FangRi8
EERIFIIRINEENNERE ST

Streaming IAFIEE MLLM BN OXBIET: EiE MLLM 2—XME=BEE,
Streaming EIEROLIEFROEIE

o HBMRBIEKI(ETF ASESCAIKE (Fic5Video-MME-v2HB NbenchmarkaY&5iS 240
[li))

o RANEIRETENNERATHL

o RBRIZEAMN, siEINESEG

o RFISMESIFFEMHEERTS
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IBXAME(Video-)MMEBBEE, fEacc/ERtEIR, MEFARAMEREIITHLEE. RTDEMN4E
E: Content Consistency #1 Temporal Sensitivity, BIEEZEREZEGSIIN. =HFES

—i, ENELER. dnflER,; EERTHEENI A HLRISEEX T HEIIA R, X
B ESEICE ERE ik, NEGERE T OmnitEERS AT a2 A0REN6E ], PR AOTENIERS
BRI : tLanARETEIBARERRHRIZEEM, ASMEEISRAMEN, RETHHB, AGEE
HRER FROZMHIREEAX T BITEAERNANS, XMENRIEORERR10%), HEiLLLM-as-
judgeZEEHHFIFNNREFRISCRAA, EERINEIRE.

MLLMs are Deeply Affected by Modality Bias

MLLMs are Deeply Affected by Modality Bias 2025%5H
EEZOARZA: This position paper argues that MLLMs are deeply affected by modality bias

NEE M Modality Bias/g: Modality bias arises when certain modalities dominate the
learning process, while others are under utilized or contribute less effectively, 1E3REHE
BEREER=K WESIESIEKE, WIEPESFIAARE, LUK missing modality 38T
MEETRE, XMUSRAITARKRE? BXERERRA=AEERR, MLEANREEERE
=:

o HIESHSHIBEARTE (datasetimbalance) : XAFIRBBEFERE. Big. BIEX
BE, B, U, SHNERS. B8, EHEEEEMRBREN. EEEgs, &
BHERZNIAEKE shortcut, TIARNRTESHEIFEHEIEN.

IEXBAREIEH, V)IIGEURANSEENESHA, XAERSESTES ZRIFHEEK
&, BUERRETUERNA, BEGRS R,

* Backbone BEAAXIFR: LLM Ki&, {BE#MZ encoder, audio encoder & projector @&
RQERBNER, 18SOANESRELZZ AT Transformer 288, KAMEERFI TR
g, 2T, M. SMFESEEEEEER. BE 1 backbone, BRUBREZE
AEFREAT)IGRR. BUENE, REREMLLMIERIZOMBARLLMA4RERRY
language prior

* RZEBIGBEFEERRNR LBIZEESIEMENHER. 183N, XEEREREFE
EI3RS5%, BRI —EReREREEIEME] robust cross-modal fusion, RiMAJgEX&1LE
REUHEBN AL ESIENTE, BEMESRERNANT. XFEMAR RSIIESHRR
Bksemantics”, M t&E540)|145 A5ELtext semantics”

* FNEESHKSREARRE, BLRSERZIE label, BLESERIZ, HIIIZIE
RSB AAT I SR

o MREHABNFIRSZERIXRER, MO EAESZLEIETS, LR

SCIGEF 7 — N case studySREIF—E4E10 . (EEFNSM FHVMNSALE:

. Image-Text: IEHEE + IE% XA

. Text-only with white image: A& + £ 1K

. Text-only with black image: A& + 4 HI[K

. Text-only with noise image: & + MEHE

. Image-only: R# K&, FHEM prompt ZRE 4 K% H 2

vl A W N R
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Hrh white/black/noise B TIRIAMTIESTRKEARA; image-only N BT EHER R K
WMeAtEIEE. EREI: RENA + THE, RENEHRESERN, TOE. BE. BEFETE
RAEIE; FEHAS text-only BUFEU—EttimE TS5 image-only B9—314; BUSFISI AR RS
ANRZESRA, HERESHEHREE,

NERH T =R

o MBI PMITESASEEN. FI0 MMStar Bid S SR A SRR R SR EFANES
2, MMMU-Pro @IS IS TTRAEEAR. BREm\EGREA .

o IHMERIEHHRS)IGHEXTNRER. —L5/EARTE decoding, attention, prompt &
IIRIE LasREVE SR BEG, RN AR ES.

e preference optimization, FJLAEi&EmModality bias BIIER{RIFEUE, 1HEEYRIFARLELE
KIBSHESIHENEZ, MARKIBEES shortcut EIZ, EXEBANNERIFEE
WIESTVAEMR, ESE modality bias AIRIRESZ,

A Survey of Multimodal Hallucination Evaluation and
Detection

HEXEAZS: Specifically, we first propose a taxonomy of hallucination based on
faithfulness and factuality, incorporating the common types of hallucinations observed in
practice. Then we provide an overview of existing hallucination evaluation
benchmarks for both T2l and 12T tasks, highlighting their construction process, evaluation
objectives, and employed metrics. Furthermore, we summarize recent advances in
hallucination detection methods, which aims to identify hallucinated content at the
instance level and serve as a practical complement of benchmark-based evaluation. Finally,
we highlight key limitations in current benchmarks and detection methods, and
outline potential directions for future research.

NEXIFRNEESME: Image-to-Text, 12T, HIaIEGHENAR, M. BEGIEME, AKX Text-
to-Image, T2I, FRIMRIENAEREG., (EEEE, MLLM IO AR R mEE", matEtl
ERIINBERRSE, B5MmEAN. XARRESHFRREFE.

Taxonomy: NEHEEMNSEE: Faithfulness and Factuality hallucination, BIEIEHIEIEEY
HBHSE@AA—H, EEENEEREHSHFIR, BRI —H. XR&GARN—
OMARZ: 12T FIT21 BRAAER, BLAORAR EEEBESII TR,

hallucination detection methods: XE% A% black-box 1 white-box FiZE, BAEAREEIGOE
BINER, REMAFIRZRYEIEH. A5 AEE LLM-as-judge. VQA-based verification,
caption-based verification%, F¥TXLHHELEEMER . BEFZHERNIES, W
attention, feature, logits¥®, REBHUBEMAITMNT—E. M MIRBXE=E, HRAZEK
RN, SCEEIEH, 12T FEHE—L white-box /53%, 1B T2I B9 BRI EEF2IKIRIND
THE.

benchmark: {E&IAJ, 1R benchmark REREERESIEH, SEMMERIE accuracy 4
A%, ERBAITEEANALN. ORREEEREMANMER. JIGEURFS SRR
4%, SCERRIEY, RSEFEEM static outcome-based evaluation (A dynamic process-
oriented evaluation, FHexisting benchmarkifGa]f##EMEARAE. EXmS1PNABE G,
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Qwen3.5-Omni

Qwen3.5-Omni Technical Report

— P ARAERR R Omni REIRSE: BEIZALIE text, image, audio, video/audio-visual %
N, FHHEEBL text 8 streaming speech fitH, Qwen3.5-Omni ¥ BEIELE billion SEHliE, <
¥ 256k context, FHETRMESEHEFEID 1 {2/ SRR EY|1%.

fEEh: Qwen3.5-Omni scales to hundreds of billions of parameters and supports a
256k context length. Qwen3.5-Omni-Plus achieves SOTA results across 215 audio and
audio-visual understanding, reasoning, and interaction subtasks and benchmarks,
surpassing Gemini 3.1 Pro in key audio tasks and matching it in comprehensive
audio-visual understanding.

th”‘o&w sifieenln. -|||u|l|| e ||||-||I|
\ Streaming Codec Decoder [

S-— TEETET
[ ] Auddo tidden %?{% %% %%
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Qwen3.5-O0mni ZEZE T Qwen2.5-Omni / Qwen3-Omni B9 Thinker-Talker Z8#3, Thinker fass
SIESIEBIINAERL., BiEIL text, audio, image. video/audio-visual (E8., IBE(JEERSR
—FBRR, REHTIEMR, MBI ALY, audio # video 24 interleave BF—F5,
FHENER timestamp, LUBERISAFIS AL TS HRIBTENRE], Talker SAZIBE 4.
B Thinker NEEFRTIZBEINARIL, AR streaming speech tokens, 97 LI
ZEIR, Talker autoregressively il multi-codebook sequence

Qwen3.5-Omni B9 Thinker # Talker #3%A Hybrid Attention MoE, R&E&EE, X—i&iHETF
V' EEARE, FANEMEERERNKEYEE, BIAE S Gated Delta Net, BFRHEREM
SRR BIHETRAY KV-cache I/0 overhead, 1E2E&IFIHEEE.
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EH timestamp 5K ETNEIBTEEEMAREER. Qwen3.5-Omni £ T E EXAIRT ARG
%Ki 7E video Bf audio-video temporal patch Fif@A formatted timestamp, HIANFEFYEER
7RAT1E]; X$F audio sequence, IESBEHUFEN timestamps, LURHEBIEZSETEINITE. EEIA

H, XK EER%EYT temporal position IDs BESKIMS/KEM, FAGESTEREERX
Y position IDs, HISSIKIERTEER.

Qwen3.5-Omni | pretraining D AL=MER. F—PFERR Encoder Alignment Stage: LLM #Jta
£ H Qwen3.5, vision encoder t23€H Qwen3.5, audio encoder #J#a44 8 AuT; YIIZ&RSEE
LLM, 483llZk vision/audio encoder X HE adapters, {ERRIESEEEAN LLM BN =E], £
FYERZ General Stage: {FH%] 4T tokens FUZIESEME, unfreeze all parameters, FAEI 2
S ESEIE) | SRENBRIER S ERE]. E=FEE Long Context Stage: EAIKEM
32,768 1EINZ 262,144, #EEEFQwen2.5-OmniEZEAIRF, FHES long audio / long video
HUELLHI, LAESRI Y ERARRE

Post-training 75, Thinker SEF=MERREE. F—BEGEIT specialist distillation, & text,
vision, audio %] teacher models RIBE/IZRIBHF—IEEY;, 55 _FERMM on-policy
distillation, BN AN TEIRAY response capability iEF#8Z! audio-input setting, 4&/)N&5i
B AT AZ BNREEE.

ARLE: IEREFRERENEREER, EEREXFRATERNERESREXKE
EiESHA THEZ

FutureOmni

FutureOmni: Evaluating Future Forecasting from Omni-Modal Context for Multimodal
LLMs

HEEEARZS: Although Multimodal Large Language Models (MLLMs) demonstrate strong
omni-modal perception, their ability to forecast future events from audio-visual cues
remains largely unexplored, as existing benchmarks focus mainly on retrospective
understanding. To bridge this gap, we introduce Future Omni,the first benchmark
designed to evaluate omni-modal future forecasting from audio-visual environments.

ESCERAAEERIRE prospective forecasting, UMEETIRMK. FE. ES. BRMER
LZRFNARNE, NEEIRE FutureOmni, FRELIE—NEIIFAE audio-visual future
forecasting B Omni-modal benchmark, 742 multiple-choice QA, B MEARLEBH—
premise event, #AfFalwhich event is its most direct conclusion?t&EIFEEMN S MEEFRIE
HHIERESEN—,

FutureOmni &2 919 MISA 1 1 034 multiple-choice QA pairs, B 8 NFE4TIH,
GitHub README iR3&E BB MISIEREIS W EELARIIE zero contamination, B 100% Original
Video Rate,

NEIRRH Omni-Modal Future Forecasting (OFF) training strategy, F#i& s 7K-sample
instruction-tuning dataset RERHEEIIFSEIUNBENAZE. OFF B instruction tuning B975
I, KEEREEBFRER R SIRSIMNE G R R HARRAAX ARSI S B 8T
#BE

AnyGPT {331
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“It was the night---
silent night, whence ...”

speech image .I":". music .":"I.
de-tokenizer e-tokenize \de-tokenizer|
; /

<s0s> .Sp-eechtakens <eos>  Texttokens <soi> / Image tokens  <eoi> <som> ’ Music tokens <eom=>

ANYGPT

<sog> .Speech tokens <eos>  Texttokens <soi> ¢ Imagetokens <eoi> <som> a Music tokens <eom=>
image | music
tokenizer || tokenizer |
L sl i |
text - ﬂ

speech image music

wolgt
AT

BSRIRFREXART. B EEXKE, "JLURIIBSpeech, Image and Music tokensLAR 45
B fFstart/end of X. £ anything2token.py #, SEN TtokentBXRHINEA:

image_prefix = "g@®"
speech_prefix = "@®."

music_prefix = """

audio_prefix = "@"

start_of_image, end_of_image = '<soim>', '<eoim>'
start_of_speech, end_of_speech = '<sosp>', '<eosp>'
start_of_music, end_of_music = '<somu>', '<eomu>'
start_of_audio, end_of_audio = '<soau>', '<eoau>'

image_vocab_size=8192
speech_vocab_size=1024
music_codebook_size=2048
music_codebook_num=4

*

music_vocab_size=music_codebook_size music_codebook_num
audio_codebook_size=1024
audio_codebook_num=4

audio_vocab_size=audio_codebook_size * audio_codebook_num

modal_special_str = {
"image": {
"prefix": image_prefix,

sos": start_of_image,

eos": end_of_image,
"vocab_size": image_vocab_size

AJLAEZEImodal_special_str 2—1FH, IEREMESH (prefix, sos, eos, vocab_size), {#ti)ll
G ARG — M

token,



Z e IBEIEIERS [ =5 modaTlity_tokens_to_string : image / speech (1-D 551) :
HiE <@ {idx}>/ < {idx}> ¥, BIMD ... 8% ... X Fmusic/ audio, BT
tokens[layer_idx][idx] +
codebook_size * layer_idx #BAREEH codebook #a— KRS, SAFSHEZIA ST

(BI1M4E - F

204 B — ...) . IXFE 4/ 2048 #E codebook FEEAE 1 4 8192 4EAiHEL, &4 LLaMA
token

EXIRBAFAEY [E + &5l . X EFsoundstorm speechtokenizeri8XEARY. THEIEIEZ
[ERIEEREGIF -

{"text": "A flat design background featuring an artistic design.", "image":
"<s0IM><g) 7357><6%8) 680><68) 5037><8) 7841><6%8) 680><e8)430><68) 5037><e9) 2118>< %)
5649><@9)2157><@2157><@ 5037><@® 5037><e8) 5963><@) 3707><ew) 3707>< @0 2157>< e
430><@0)2157><68)2118><g8) 5037><68) 5873><e8) 5037><eW) 2157>< 68 2118><8) 2275>< k)
2118><@430><g8) 5649>< %) 5963><e9) 7319><g94519><eoim>"}

{"text": "\"Kitty History\" is a comedic song by Trevor Moore, from his
album \"High In Church\". The song, originally performed on Comedy Central,
is a satirical exploration of a parallel universe where cunning felines
commit adorable war crimes. The piece combines elements of stand-up comedy,
music videos, and history in a hilarious and unique way.", "music": "<somu>
<9 166><9d 3979>< W 6115>< 9 7914>< 0 166>< G 3979>< 9 6115>< 9 7914>< 44 166>

<9 3979><4 6002>...... <eomu>"}

TEHEEROEIR, BD c1i_infer_base_model.py 1, X3F—"case, RiEREXAJencoder, &
J5AF modality_tokens_to_string ERE{, XNMEH—EFpromptiE&tapkinstructionsZH
THEE,

tokenHITEXANEEW Astringfh ST, BRAILNHIREIN— N NEERERY BLLaMARIRE.
XJFstage1Kid, 1E prompter.py H:

tokenizer = LlamaTokenizer.from_pretrained(
model_args.model_name_or_path,
model_max_Tlength=training_args.model_max_Tlength,
padding_side="right",
use_fast=False,
)
tokenizer.pad_token_id = (
0 # unk. we want this to be different from the eos token
)
tokenizer.padding_side = "left" # Allow batched inference
for token in [user_name, chatbot_name, user_end, chatbot_end]:
if token not in tokenizer.get_vocab():
logger.info(f"Add special unit tokens {token} to tokenizer.vocab")
tokenizer.add_tokens([token])

# JF 4545 tokenizerin N\ H AR AR & 1) 7 %
for modality in modal_special_str.keys():
prefix=modal_special_str[modality]["prefix"]



start=modal_special_str[modality]["sos"]
end=modal_special_str[modality]["eos"]

modality_vocab_size = modal_special_str[modality]["vocab_size"]

if start not in tokenizer.get_vocab():

logger.info(f"Add {modality} tokens <{prefix}0>-<{prefix}

{modality_vocab_size-1}> to tokenizer.vocab")

tokens = [f"<{prefix}{x}>" for x in range(modality_vocab_size)] +

[start, end]
tokenizer.add_tokens (tokens)

model = LlamaForcCausalLM. from_pretrained(
model_args.model_name_or_path

)

# resize embedding

embedding_size = model.get_input_embeddings() .weight.shape[0]

if len(tokenizer) > embedding_size:
model.resize_token_embeddings(len(tokenizer))

N2 FERY BT . image: 8192 + 2 (sos/eos); speech: 1024 + 2; music: 8192 + 2, 1EiE
huggingfacefJ#IN, X&tokenIFzflembedding2EEI¥IAKRY, ZRSHITFES.

tokenfMBFSHIIIANRRZ /7, EEERTIIGIENE. XEERNBERIEIE, ZENEEH

BRIABREFMIER. X3 Fstage1@pretraindisi:

def generate_x2t_template(
self,
modality_str: str,
text: Union[None, str],
modality: str

) -> str:

meta_template = user_name+": {instruction} {input}"+f"{user_end}

{chatbot_name}: "+"{output}"+f"{chatbot_end}"
instructions = other2text_instructions[modality]
res = meta_template.format(
instruction=random.choice(instructions),
input=modality_str,
output=text

)

return res

def generate_t2x_template(
self,
modality_str: str,
text: Union[None, str],
modality: str

) -> str:

meta_template = user_name+": {instruction} This is input:

{user_end} {chatbot_name}: "+"{output}"+f"{chatbot_end}"
instructions = text2other_instructions[modality]
res = meta_template.format(
instruction=random.choice(instructions),
input=text,

{input}"+f"



output=modality_str
)

return res

def generate_template(
self,
modality_str: str,
text: Union[None, str],
modality: str,
x2text_prob: float = 0.5
) -> str:
# options = ["other2text", "text2other"]
# i HENE 2R BE ALk 4%
if random.random() < x2text_prob:
res = self.generate_x2t_template(modality_str, text, modality)
else:
res = self.generate_t2x_template(modality_str, text, modality)
if self._verbose:
print(res)
return res

BIFRERELRE X X->Text and Text->Xa9%&EMR, mM/aEHA. formati#{TEiE;
generate_template BEESMEIIE—MENR, REH—IESTMAES. XEME TR AE
T IIZ4R95UE.

MfEstage2dr, AnyGPT{EREZHEHITSFT, 7 conversation.py H:

def get_prompt(self, force_image_generation=False,
force_speech_generation=False, force_music_generation=False,
force_res_prefix=None) -> str:

Get the prompt for generation.
system_prompt =

self.system_template.format(system_message=self.system_message)
ret = system_prompt + "\n"
for i in range(len(self.messages)):

role, message = self.messages[i]

if message and i % 2 ==

ret += role + + message + self.sep + "\n"

elif message and i % 2 == 1:
ret += role + ": " + message + self.sep2
if i != len(self.messages) - 1:
ret += "\n"
else:

ret += role +
if self.messages[-1][0] == self.roles[0]:

ret += self.roles[1] +
if force_res_prefix != None:

ret += +force_res_prefix

if force_image_generation:

ret+=" "+start_of_image

elif force_speech_generation:



ret+=" "+start_of_speech
elif force_music_generation:

+start_of_music

ret+=
return ret

/e SRR R RIS -

{"id": 1, "conversation": [[{"role": "user", "message": "<sosp><®:1><®:1><
®.1><eosp> Please acknowledge the user's vocal input, create a textual
response"}, {"role": "assistant", "message": "<-Ins-> hello, how are you\n

<-Res-> I am fine, thank you <sosp><®:2><®:.2><®:2><eosp> "}]1]1}

LARIESHINIE. BPAXTFEUREFEAIE, repoh B REAIEXMED, XJFstage1Braw
data, B2 load_and_process:

def Toad_and_preprocess(data_path, modality, x2text_prob=0.5):
raw_datasets = load_dataset("json", data_files=data_path)
# MG 2% 4 ATk B B s A A R
dataset_name = data_path.split("/")[-1].split(".")[0]
print(dataset_name)
tokenized_cache_file_names = {
"train":os.path.join(data_args.cache_dir, modality, dataset_name,

'tokenized', 'train', 'processed_train.arrow'),
"test":o0s.path.join(data_args.cache_dir, modality, dataset_name,
'tokenized', 'test', 'processed_valid.arrow'),
}

logger.info(f"loading {dataset_name} tokenized data")

with training_args.main_process_first(desc="dataset map tokenization"):

tokenized_datasets = raw_datasets.map(
Tambda x: template_and_tokenize(x, x2text_prob),
batched=False,
remove_columns=["text", modality],
num_proc=data_args.preprocessing_num_workers,
load_from_cache_file=True,
desc="Running tokenizer on dataset",
cache_file_names=tokenized_cache_file_names

datasets B jsonl, XBEAFEAR Btext and modality lFfpFrE. AEEERIBTHINA
tokenize( template_and_tokenize):

def template_and_tokenize(example, add_eos_token=True, x2text_prob=0.5):
prompt = generate_template(example, x2text_prob)
return tokenize_func(prompt, add_eos_token)

def tokenize_func(sentence, add_eos_token=True):
result = tokenizer(
sentence,
truncation=True,



max_length=tokenizer.model_max_length,
padding=False,
return_tensors=None,

)

if (
result["input_ids"][-1] != tokenizer.eos_token_id
and len(result["input_ids"]) < tokenizer.model_max_length
and add_eos_token

)e

result["input_ids"].append(tokenizer.eos_token_id)
result["attention_mask"].append(1l)
result["Tabels"] = result["input_ids"].copy()
return result

XEEHHIEF* Tmask, XikBFinstructionERTEAS#ElossEH, ZfF#1Ttrain and
valtloZfa, #H group_texts packing batchZE|block_sizeLAZTZHFBEERF:

# Main data processing function that will concatenate all texts from our
dataset and generate chunks of block_size.
def group_texts(examples):
result = {}
for k in examples.keys():
v = examples[k]
if k == "input_ids":
grouped_input_ids = []
current_chunk = []
current_length = 0
for ids in v:
if current_length + len(ids) > block_size:
grouped_input_ids.append(current_chunk)
current_chunk = []
current_length = 0
current_chunk.extend(ids)
current_length += len(ids)
# Make sure the last chunk is added
if current_length > 0:
grouped_input_ids.append(current_chunk)
result[k] = grouped_input_ids
result["attention_mask"] = [[1 for _ in row] for row in
result["input_ids"]]
result["Tabels"] = result["input_ids"].copy()
return result

HORIBEREABHER—E, &R block_size=45005t]—7]. REHEREENRE: SIESEUE
AJinterleave, stagel_pretrain.py & elif, {RIBENTELEIEIREERR probabilities

Etf5l. interleave_datasets IZMIFRMSZEUEERME, £H—MRUVRBEEUEE, HEHE
KR FIEEMESERE)Gbatchh HIAISTE,

St Fstage2fUEEEMIE, FEMpreprocessit@ERstage2xiftEtx, (EREENRXES
label maskingT : RIEAnYGPTHIHERSAYE oss,



targets = copy.deepcopy(input_ids)
sep = conv.sep + '\n' + conv.roles[1] +

# "<eoh>\n[AnyGPT]: "
for conversation, target in zip(conversations, targets):
total_len = Ten(target)
turns = conversation.split(conv.sep2) # M <eom> £
cur_len = 1
target[0] = IGNORE_TOKEN_ID # kit BOS
for i, turn in enumerate(turns):
if turn == "": break
turn_len = len(tokenizer(turn).input_ids)
parts = turn.split(sep) # parts[0]=H F & v B,
parts[1]=H)F [ &
if len(parts) != 2: break
parts[0] += sep
instruction_len = len(tokenizer(parts[0]).input_ids) - 2
if i != 0 and not tokenizer.legacy:
instruction_len -= 1
for k in range(cur_len, cur_len + instruction_len):

target[k] = IGNORE_TOKEN_ID # ' user prompt & #F mask A
-100
cur_len += turn_len
if i != 0 and not tokenizer.legacy:
cur_len -= 1

excepted_len = total_len - 1 if add_eos_token else total_len
for k in range(cur_len, excepted_len):
target[k] = IGNORE_TOKEN_ID # REANTEHNEME mask

BLEIREIRGT 725, SRR TOMIVIGRNEIREZS)
T EEHEFNAERITEIGRERERNSSE.

g, IIGERINIEHAREZON, MNIHESIEEFIIGEIE<SInstruction2REE
Y.

85, FBFERETrainernX




	Day6
	补充文献泛读
	Omni-DuplexEval
	MLLMs are Deeply Affected by Modality Bias
	A Survey of Multimodal Hallucination Evaluation and Detection
	Qwen3.5-Omni
	FutureOmni

	AnyGPT 代码实现


